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Abstract: Searching for pages on the www is challenging today and people dump a huge amount of data either
authorized or unauthorized by every day. In addition every hunter hopes they don't retrieve a lot of junk.
Unfortunately getting "everything" while avoiding "junk" is very complex, if not impossible, to accomplish.
It becomes difficult for the people to get the content what they seek. However, it is possible to measure how
well a search performed with respect to precision and recall. Many Information retrieval techniques are
introduced consecutively in order to make people’s task ease and they are working pretty well but still people
are getting junk other than the content what they expect to seek and more time. This paper mainly focuses on
the task overcome the above problem such as what the information retrieval performs and refines them so that
the accuracy of the data that is being searched is achieved to the maximum . For this we use the concepts of
cache-based semantic checking which includes data extraction, clustering and identification of semantic
similarity between the entities to refine the searching process. Finally, in order to rank and to rate, an experts’
system is used.
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INTRODUCTION

World Wide Web acts as a major source of
information in the world today. As people rely more on
internet, the contents get increased so much that they
could not be properly handled. Spotting the content on
the internet that we look for is something strenuous.
According to a recent research, there are nearly 40 billion
active Web sites on the Internet today. You also
remember that search engines classify the content on the
page by using reference points like the site's title,
paragraph headers and other usability information. As a
whole, the way a site links to its own pages is also a big
hint for a search engine, so your website navigation
should be easy for people and their robot counterparts.
The Google uses an algorithm called Page Rank, it assigns
each web page a relevancy score based on frequency of
keywords, webpage expires and link of other webpage.

But it does not bother about content accuracy as well as
frequency of exact answer and its page. Even though the
process of information retrieval is done by automatic
system with web, it should require small manual
verification by the expert when the user content uploads
in the web at least once. Because of maintaining accuracy
of content which leads to avoid the unauthorized and
false content. The task of reviewing all those websites to
find the content what we are looking for is something
imaginary. As a result, a lot of research is under process
in order to handle this bulk amount of documents. The
offshoots of these researches are the enhanced
information retrieval. 90% of the content that are
displayed after the search is not relevant to the query that
is searched. For example if we want to search information
about definition of service oriented architecture, the
current Google search engine displayed the results as
follows:
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Table 1: Keyword Based Information Retrieval Sample from Top Two Search Engines

Aim Possible Sample Keyword Search Engine Results Time
Definition Define Service Oriented Architecture Google 18, 00, 000 results 0.37 seconds
Define Service Oriented Architecture Bing 469, 00, 000 results -
Define Of Service Oriented Architecture Google 22,70, 000 results 0.24 seconds
Define Of Service Oriented Architecture Bing 545, 00, 000 results -
Define Service Oriented Architecture By Thomas Erl Google 29, 700 results 0.36 seconds
Define Service Oriented Architecture By Thomas Erl Bing 432, 00, 000 results -
What is meant by service oriented architecture by thomas ERL Google 49, 900 results 0.37 seconds
What is meant by service oriented architecture by thomas ERL Bing 454, 00, 000 results -

The above table shows the sample results for the
given keyword by top search engines for the same
objective like definition of Service oriented architecture
with different way. But the answer is not what the user
expect properly and still it is also displayed the junk
information related to the keyword. Therefore
understanding the context is extremely important during
the information search process.

This paper undergoes many filter process in order to
refine the search results from the search engines. Initially
they use word mapping database in order to find the
various synonyms and matching for the keyword that is
entered which is discussed in preliminary processing A.
Once the preliminary processing is over, many algorithms
are applied on the search results in order to filter the
contents that are extracted from the search engines.
Initially the distribution hypothesis is used to identify the
matching documents in the web and help in clustering of
the documents which is mentioned as lexical pattern
clustering after which the comparison is done using the
genetic algorithm. They are discussed in measuring the
semantic similarity. After which the initial ranking is based
on the similarities found using the genetic algorithm and
then the experts’ ranking is considered. The final ranking
of the document is consolidation of the results of the
genetic algorithm and the experts’ ranking. The obtained
result is expected to be more accurate than the results
obtained from the normal search engines. The verification
of the enhanced results is provided with the experimental
results.

Related Work: Ontology’s define a common vocabulary
to share domain information. Many researchers have
proved the importance of ontologies as a main technology
for knowledge modeling. The definition of a Semantic
Virtual Learning Environment (SVLE) whose purpose is to
provide customized and contextualized learning
experiences [1]. A framework for semi-automatically
learning ontologies from domain specific texts by
applying machine learning techniques. The TEXT-TO-

ONTO framework integrates manual engineering facilities
to follow a balanced cooperative modeling paradigm [2].
Without pondering any specific application scenarios
with human actors in SOA, a trust management structure
has been conferred in [3-5]. Task-based platforms on the
Web permit users to divide their competence [6] or users
offer their expertise by helping other users in forums or
answer communities [7, 8]. Site restructuring or
modification can be done by humans based on the users
navigational behavior, which can be achieved through
extracting useful patterns and rules using data mining
techniques[9]. The ranks are calculated dynamically based
on success and failure. A skill model is also proposed as
a classification system [10]. In [11], a method to rank
semantic web services is proposed. Finally, in [12], the
authors propose a method to diversify Web service
search results in order to deal with that have different, but
unknown, preferences. Service Rank [13] considers the
QoS aspects as well as the social perspectives of services.
Services that have good QoSs and are frequently invoked
by others are more trusted by the community and will be
assigned high ranks. In [14], Web service combinations
can be compared with each other and ranked according to
the user preferences.

The World Wide Web Consortium (W3C) developed
formal specifications such as RDF, RDFS, OWL and
SWRL in order to provide an accurate description of the
concepts, terms and relationships within knowledge
domain [15, 16] .Multi-meaning words; words that share
the similar spelling and pronunciation but have different
meanings.

Proposed System: In retrieval strategies, the knowledge /
expectation / behavior of the searcher need to be
anticipated. Here we are considering the one issues of
reader’s behavior reflected by the usage which is very
different from what the author would like. Need to work
harder to hold our readers’ attention like be topical, timely,
visual, informative, Succinct, yet precise, more relevant,
etc. because of dynamic changing behavior of readers.
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Fig. 1: Show the Sample Result Screen for the Given Query by Learner

For a search query, retrieved documents ought to be
concise with 80% - 90% of above mentioned reader
factors. Another issue taken here is retrieval information
from web is by commonly searched keywords. That is we
have used a keyword which is very frequently searched
then you get a higher chance of your website being
visited. Simply called as more visitors are equal to better
page rank. In our approach provide better process for
problem stated above through recommended procedure to
write and extract content with simple template established
by the corresponding expert each other’s after resulted
pages for the search query now for the first one. In
second case, we addressed the problem like more visitors
equal to better page rank which leads crucial process in
searching now. Because some visitors are clicked the
page without knowing the proper content. For example,
learner or trainee to search the particular topic like
“common type system “ in web the result may be as
follows.

Analysis of this page is About 6, 79, 00, 000 results
(0.17 seconds) but page content quality is not exact what
the learner significant. The first link in the above figure is
from Wikipedia it is based on more visitors. Here what we
address is how much visitors are satisfied their content.
If they are satisfied why they go for another search with
same keyword. Most of the visitors doing this for current
search now. We are introduced the concept to give the
weight of keyword based on their domain additions of the

current process. For example, the keyword “common type
system “ is mostly related. Net Framework. So our result
will be based on this with more accuracy.

So we are mainly concentrated to rank the page based
on the quality content Page Rank is calculated by various
algorithms(by the number of links) made by search
engines.

The proposed system has two main parts, the
preliminary processing and the core processing. The
preliminary processing consists of processing of the
entered query with a standard database and retrieval of
relevant words from the database whereas the actual
processing consists of the major processing with the
documents that are retrieved from the web which uses the
results from the preliminary processing.

Preliminary Processing: Preliminary processing of web
data especially link data has been carried out for some
application, the most suitable being google style web
search. In this proposed system, the initial processing
deals with the search query that is provided by the user
to the search engines. These query words undergo series
of steps that are explained below.

Synonymous Identification: Initially, when the query is
passed to the search engine, the search words are
extracted by the system and as a first step, the various
synonyms of the word is extracted. The usage of
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synonymy may have some importance. Since there is a
possibility to have variety of words that have the same
meaning in different languages. For this process we use
a lexical database for the acquiring the various synonyms
of a particular term. Those retrieved words are related to
the search word and they are used during the data
processing.

Another important issue that has to noted is the
ambiguity in the sense of a particular term. There is
always an necessity to identify the sense of the word in
a particular context. This can be commonly observed in
the natural languages and for different parts of speech
which is called as polysemy. This is a potential source for
mistakes in content extraction. To resolve this, we use
automatic determination of the most appropriate meaning
of the word relying on the context in which it resides.

Terminology Extraction: All the aforementioned sub
phases are performed to extract the relevant terminology
related to a particular domain. We refer to terminology as
the set of words or word strings which convey a single
possibly complex shared meaning within a community.
Since they have low ambiguity and high specificity, they
can be used to address a unique domain.

Reduction of Input Dataset: The earlier algorithm
proposed found the U-Skyline from an uncertain dataset
efficiently whereas here we propose additional two
techniques which are Input dataset reduction (SR) and
reduced dataset partition (SP) to increase the pace of the
U-skyline search. In addition, the divide and conquer
strategy is used for query processing.

EXPERT
SYSTEM

Fig. 2: Proposed system architecture

Reduction is an important concept which is used for
reducing dimensions to decrease the computation
complexity and time of classification. Since now many
approaches have been proposed for solving this problem,
but almost all of them just presented a fix output for each
input dataset that some of them aren’t satisfied cases for
classification. In this we propose an approach as

processing input dataset to increase accuracy rate of each
feature extraction methods. This method is used to
process input dataset of the feature reduction approaches
to decrease the misclassification error rate of their outputs
more than when output is achieved without any
processing. The noises that are based on adapting
datasets with feature reduction approaches can be
handled better with this approach.

Partition and Conquest of Reduced Dataset: The size of
the input should be reduced further and so a new
technique of divide and conquer is used in order to
split the reduced set into a number of disjoint subsets.
The U-Skyline is processed for each subset
independently and merged to achieve the final U-skyline
answer.

Partitioning addresses key issues in supporting very
large tables and indexes by decomposing them into
smaller and more manageable pieces called partitions,
which are entirely transparent to an application. SQL
queries and Data Manipulation Language (DML)
statements do not need to be modified to access
partitioned tables. However, after partitions are defined,
Data Definition Language (DDL) statements can
access and manipulate individual partitions rather than
entire tables or indexes. This is how partitioning can
simplify the manageability of large database objects.
Each partition of a table or index must have the same
logical attributes, such as column names, data types
and constraints, but each partition can have separate
physical attributes, such as compression enabled or
disabled, physical storage settings and table spaces.
Partitioning is useful for many different types of
applications, particularly applications that manage large
volumes of data. OLTP systems often benefit from
improvements in manageability and availability, while data
warehousing systems benefit from performance and
manageability.

Partitioning Offers These Advantages:

« It enables data management operations such as data
loads, index creation and rebuilding and backup and
recovery at the partition level, rather than on the
entire table. This results in significantly reduced
times for these operations.

« It improves query performance. Often the results of
a query can be achieved by accessing a subset of
partitions, rather than the entire table. For some
queries, this technique (called partition pruning) can
provide order-of-magnitude gains in performance.
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Core Processing System: The proposed system has
various processes that are executed in order to acquire the
expected refined result. These are executed with 5 major
processes.

+ The Lexical Pattern Extraction

+ The Lexical Pattern Clustering
*  Mensurement Of Semantic Sumilarity
#  Uszer Preferred Ranking

* Expats’ Rmking

Fig. 2: Architecture of the proposed system

F.1 Lexical Pattern Extraction: Manually constructed
linguistics has very high precision entries but has very
limited coverage and so, their advantages cannot be still
used in many applications or domains. A new approach is
done to extract synonyms and antonyms and hyponyms
from free text documents. Here the extraction of
hyponyms from free text is much concentrated. Here we
use a pattern based approach and text mining technique
for the extraction of lexical patterns from the web. This
lexical pattern extraction has three major process, pattern
discovery, instance extraction and instance ranking.
This process adopts some ideas from elsewhere but revise
the computations of initial weights of the obtained
pattern.

F.2 Pattern Discovery: This module discovers a set of
lexical patterns from the web. This helps in capturing the
common written conventions which is used in introducing
a hyponym relation between the words. They mainly use
a small set of seed instances for example Lamborghini-car,
to collect similar matches from web. Now a mining method
is adopted where all the collected results from the web are
compared with the given pattern and the most relevant
and maximal frequent sequences are stored and the rest
are discarded. It retains only the patterns that matches the
sequence

<left-string>specific<center-string>general
General<center-string>specific<right-string>

F.3 Lexical Pattern Clustering: Typically, a semantic
relation can be expressed using more than one pattern.
For example, consider the two distinct patterns, X isa Y
and X is a large Y. Both these patterns indicate that there
exists and is-a relation between X and Y. Identifying the
different patterns that express the same semantic relation
enables us to represent the relation between two words
accurately. According to the distributional hypothesis,
words that occur in the same context have similar
meanings. The distributional hypothesis has been used in

various related tasks, such as identifying related words
and extracting paraphrases. If we consider the word pairs
that satisfy (i.e., co-occur with) a particular lexical pattern
as the context of that lexical pair, then from the
distributional hypothesis, it follows that the lexical
patterns which are similarly distributed over word pairs
must be semantically similar.

F.3.1 Distributional Hypothesis: Law: The words that
have similar meanings occur in same context and words
with similar meanings will occur in similar neighbors if
enough text material is available [Schutze & Pedersen,
1995]. The distributed hypothesis is constructed based on
the assumptions on the kind of language that is
processed.

This can construct the word profiles based on two
factors:

* The type of Relationship that is identified. This is
done by building distributional profiles for words
based on the words that surround them and the other
approach is to build the profiles for words based on
which area of text they exist.

« In what sense the meaning is conveyed by the
distribution patterns

Relations That Exist Between the Texts: Syntagmatic
relationship are related to the positions of the texts in the
sentence or the entities that co-occur. It is a relation with
present. These combinations are linear in nature. One
example is with a sequence of word that states “The lion
is hungry”. They are combinational relations. Here the
word that occurs in the sentence can be combined and
thus stated as syntagms are combinational relations.

The above sentence can be stated or occurred as:
¢ The lion is hungry

*  The hungry lion

*  Thelion’s hunger

Literally they measure the co-occurance of words
within a text region.

For example: For the word knife, the possible co-occuring
words could be,

Knife-spoon

Knife-blade

Knife-cut

Knife-cutter head

Knife-noni

Knife-nimuk
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The above result shows the possible combination of
the knife with other words in the same entities. Noni and
Nimuk are the name of a boy and his dog in a famous
story where a knife plays a major role.

A table is formed that measures the number of
occurrences of the co-occurring word in the document.

Table 2: No Of Co-Occurrences
Syntagmatic Relationship

Of A Word In

. f Joct nts
Word | Dot l“ltllih‘ ]

6 7 8

(3]
L]

wy 0 1 0 0 0 0 0 0
W 0o o0 1 0 0 3 0 0
ws 1 0 0 2 0 0

wy 30 0 1

ws g1 3 0 1 2
W 12 0 0 0 0
W o 1 0 1 0 1 0 1
Wg 0O 0 0 0 0 7 0 0

In (Table 1) w represents the word and the numbers
in the grid represents the number of times the word occur
in the document.

Pragmatic relationship is relation with absent.
They exist between the words that are in same entities but
do not exist at the same time. One example for this
pradgmatic model is that different adjective that modify
the meaning of the same noun. “Good news” and “bad
news”. These relationships need not share relation with
the immediate neighbor but also with several other
neighbors.

For example, consider the two sentences,

Had an awesome time in titlis.
Had a wonderful time in titlis.

Here awesome and wonderful are pradgmatically
related words and so it would be enough to look the
successive and the preceding word which is called as 1+1
context whereas when two words are considered as
reference in preceding and succeeding, then its called as
2+2 context. Thus for the above example the equation
could be formed as:

an awesome time -> awesome: (a 0)+time
a wonderful time -> wonderful: (a 0)+time

where 0 means the word is similar or ignored.

Pradgmatic relation combinations

He Adores Green Paint
Syntagmatic relation ~ She Loves Blue Color
combinations They Likes Red Dye

Similarly like sintagmatic relationship, the pradgmatic
relationship also takes count of number of co-occurrences
of their words and the related words as shown in the
(Table 2). They are formed by directional word by word
co-occurrence matrix.

Table 3: No. Of Co-Occurrences Of A Word Extracted In
Pradgmatic Relationship

Co-occurrents
Word urrent

whereof one thereof must be  silent

cannot  speak
whereof 0 | 0 0 0 0 1] 0
one 0 0 | 0 0 | 0 0
cannot ] () i | () ] ] ]
speak 1] 0 0 1] 1 1] 1] 0
thereof 0 | 0 0 ] 0 0 0
st ] () ] ] ] () | ()
be 0 0 0 0 0
silent 1] () 1] ] ] ] ] (

The corresponding pragmatic relationship for the
word knife can be;

Knife-hammer
Knife-shovel
Knife-pencil
Knife-spoon
Knife-blanket

There are some words that occur paradigmatically for
the word knife.

F.3.3 Measurement of Semantic Similarity: We defined
four co-occurrence measures using page counts. We
showed how to extract clusters of lexical patterns from
snippets to represent numerous semantic relations that
exist between two words. In this module, we describe a
machine learning approach to combine both page counts-
based co-occurrence measures(p;) and snippets-based
lexical pattern clusters(c;) to construct a robust semantic
similarity measure.

s=2:=0(pi+ci) ()

S = Semantic similarity measure
P, = Page count measured co-occurrences.
C, = Snippet based lexical pattern clusters.
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F.3.3.1: Genetic Algorithm:

Fitness Keep
Function

T Throw

Population
Elements

Training Data

Candidates
for Crossover

& Mutation

Fig. 2: Process in genetic algorithm

The genetic algorithm mainly uses a fitness function
to calculate the match of the search word with the
documents. They identify how far the search keyword and
the words in the documents are related and in what
context as represented in the (Figure 2).

*  Number of genes (bits) in the genetic string 1

*  Population size N

*  Number of generations G

*« Pk = a population of n randomly generated
individuals.

Algorithm:

GA(n, _, 1)

// Initialise generation 0:

k:=0;

Pk := a population of n randomly-generated individuals;
// Evaluate Pk:

Compute fitness(i) for each i O Pk;

do

{// Create generation k + 1:

//'1. Copy:

Select (1 - ) x n members of Pk and insert into Pk+1;
/2. Crossover:

Select _ x n members of Pk; pair them up; produce
offspring; insert the offspring into Pk+1;

// 3. Mutate:

Select i x n members of Pk+1; invert a randomly-selected
bit in each;

// Evaluate Pk+1:

Compute fitness(i) for each i ? Pk;

// Increment:

k=k+1;

H

while fitness of fittest individual in Pk is not high enough;
return the fittest individual from Pk;

Initialize the Population: Generate N bit strings each of
size 1. It is easier to represent the individuals as character
arrays rather than integers.

For each generation, do the following:

Calculate the Fitness of Each Individual: This can be
done in several steps:

+ Find the integer that the individual's bit string
represents. Iterate through each bit and if the bit is a
1, then add the corresponding power of 2 to a
running sum. For example, if =20 and if the leftmost
bit of the string is 1, then add 2" to the sum. The
power of 2 that you are currently on is a function of
the loop index. After looping through all the bits, this
running sum will be the integer value of the bit string.

* Compute the individual's fitness value using the
fitness function F(s)=(x/2")'" where x is the integer
value from step a.

«  When you are looping through each individual
finding the fitness value, keep a running sum of the
total fitness, which is the sum of fitness values for all
N individuals.

*  For each individual, normalize its fitness value by
dividing its fitness value by the total fitness from
step c. It's best to store these normalized values in a
separate array than the actual fitness values since
you will need to keep the original fitness values for
finding the statistics in a later step.

* For each individual, compute a number which is
the sum of that individual's normalized fitness
value and the normalized fitness values for each
of the individuals before it. Thus, a running total
is kept of the normalized fitness values. This will
be helpful later when probabilistically selecting
parents.

The following example should make steps d and e
clearer. Note that the total fitness value is 1.95. Also note
that the sum of all the normalized fitness values is The
following table shows the Individual Fitness value
Normalized fitness value running total for the sample
training data.

00.050.0256 0.0256
10.20.1026 0.1282
20.60.3077 0.4359
30.30.1538 0.5897
40.80.4103 1.0000
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Table 3: Shows Individual Fitness value, Normalized fitness value, running
total

0 0.05 0.0256 0.0256
1 0.2 0.1026 0.1282
2 0.6 0.3077 0.4359
3 0.3 0.1538 0.5897
4 0.8 0.4103 1.0000

Now you are set up to select parents and produce the
next generation. Perform N/2 iterations doing the
following:

Select Two Individuals to Be Parents: First get two
random numbers between 0 and 1. Then see which range
the random numbers fall into based on the running total
numbers computed in step 2e above. The random number
will be between two of those numbers. The individual
associated with the second of those numbers will be the
individual selected to be a parent. For example, suppose
your two random numbers are 0.4147 and 0.7395. In the
example above, the number 0.4147 is between 0.1282 and
0.4359, so individual 2 is one of the parents. In the above
example, the number 0.7395 is between 0.5897 and 1.0000,
so individual 4 is the other parent. Be sure that you get
two distinct parents when you do this step, so that you
do not result in an individual mating with itself. Keep
selecting a second parent until you get one that is
different from the first parent.

Mate Parents and Perform Any Crossover to Get
Offspring:

*  First generate a random number to determine whether
crossover will be done.

» If no crossover is done, then simply copy the bit
strings of the parents into new bit strings which will
represent the offspring.

» If crossover is done, then first randomly select a bit
to be the crossover point. Then copy the bit strings
of the parents into the bit strings of the offspring up
to the crossover point. After the crossover point,
reverse which offspring gets the bits from which
parent.

Perform Any Mutations on the Offspring: For each of the
two offspring, go through all the bits in their strings. For
each bit, generate a random number to indicate whether
that bit will be mutated. If the bit will be mutated, then
simply flip that bit, that is, changeaOtoa l anda 1 to a 0.

Update the Population: After obtaining all N new offspring
in the above loop, copy all of these offspring bit string
arrays into the bit string arrays of the current population.
These new offspring will replace the current population.
In other words, the current population arrays will be
overwritten by the offspring arrays.

Find the Statistics of the Population: Find the average
fitness of the population, the fitness of the best individual
and the number of correct bits in the best individual. Find
these three measures for each generation. You will use
this data to make the required graphs. You might want to
store all this data in arrays which you can then dump into
a file later on.

Repeat all of the above for several different runs. Do
not average over them as this will either result in loss of
data for individual runs or the average will just be a
straight line. Plot all of these runs on the same graph
and/or choose one of the runs as a "typical" run and plot
it.

Also repeat all of the above for several different
combinations of the five parameters given at the
beginning of this document. For each combination of
parameters, do several runs as explained in the previous
paragraph.

G Ranking of the Results: In this module, an automatic
method to estimate the semantic similarity between words
or entities using web search engines with ranking the
search results occurs. Accurately measuring the semantic
similarity between words is an important problem in web
mining, information retrieval and natural language
processing. Web mining applications such as, community
extraction, relation detection and entity disambiguation;
require the ability to accurately measure the semantic
similarity between concepts or entities. Based on the
similarity between the users given search keyword, the
ranking takes place. Not only the users’ keyword is used
for ranking, but also, the experts’ preference is used.

Rat: E (er +up)
R, - Final rank value
e, - Expert rank value

u, User preference value

Expert Ranking: To rank the results that are obtained
after the refinement, the third party expert is delved. The
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expert is allowed to rank the content using a special
authentication. Apart from the ranking, the expert is
allowed to provide the value of information in that
document using the rating technique. Moreover the
ranking is done even using the users preference also. But
this can only be developed over a period of time as the
visits of the site get increased.

e =Y (er)

n —no of experts ranking document
er,— rank by i" expert (default value if rank not provided)

O document

rank Rank update '

To expert
Related

Documents Database

Expert

Fig. 3: Structure Of Experts’ Ranking System.

Experimental Result and Discussion: In some restrictions
on www, may not retrieve relevant documents because of
that include conflict synonymous terms which are stated
that in introduction? For some example, restaurant vs. café
, apple ( phone , company or fruit ).we are discussed the
sample data and corresponding results in the
corresponding chapter accordingly. For experimental
verification a comparison is done with other search
engines for example say, google, yahoo and AltaVista.
The comparison is performed within these search engines
and the proposed system. The proposed system uses the
normal search engines as API and uses the proposed
system as enhanced filters. The experimental results are
calculated based on the results from the distribution
hypothesis for the clustering of the documents and the
genetic algorithm for the identification of the similarity
between the contents. Later a sample experts’ preference
is given and consolidated with the ranking system
where the search results has enhanced to a certain level.
The initial data of precision and recall is collected from
reference [4].

Table 3: Shows the comparison of precision and recall value for the three

search engines with our system

Google Yahoo Bing System
Precision 1.593 1.545 1.490 1.612
recall 0.882 0.058 0.059 0.132

1 B i 1 # Precision

Recall

[i] | - - |

Google Yahoo Bing Our System

Fig. 5: The fitness function is used for calculating the
precision for the system proposed
0 whenever f'(x)=0
F(x)=1f'(x)+g(x) whenever f'(x)+ g(x)>0
n  whenever f'(x) >0 and f'(x)+ g(x)<0

where f(x) and g(x) represents the documents.

From the graph it is identified that, the results of the
graph states that, the precision of the proposed system
resembles the precision of the google search engines but
the proposed system needs to be developed as it is based
on the user’s preference the recall rate of the system
increases over a period of time.

These results were based on three main aspects:

*  Component accuracy that includes title recognition,
data and location detection of the documents and list
extraction

*  Time performance, which includes, a maximum of 109
ms where 67 ms for html parsers, 36 ms for content
processing and 6 ms for the rank allocation.

« End to end evaluation which recognizes all the
relevant documents of the data and the content used.

CONCLUSION

This proposes a novel and an interesting technique
for refining the search results. In this paper, we proposed
systems that refines the search results that are extracted
from the search engines and then they are they are passed
through a series of process to refine the results that are
extracted from the search engines. Here for the refinement
purpose, we have used various techniques such as the
distribution hypothesis for the purpose of clustering of
the documents and genetic algorithm to identify the
frequency match with the keyword that is provided by the
user and the words in the document. They also identify
the fitness match with the words in the documents to
attain a conclusion whether the document is worth
displaying for the user to view his relevant documents.
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Later the results are ranked based on the experts’ ranking
system. This system cannot be attained immediately, but
they could be developed over a period of time as the
experts’ rank the documents for the provided search

query.
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